
Introduction: Why Small Language Models (SLMs) Are the Next Big 
Thing in AI 
Assem Hijazi – Experience, Knowledge & Ideas 

When you think of AI, you probably imagine giant models like GPT-4, packed with billions of parameters, capable of 
complex conversations and generating detailed knowledge. But what if the future of AI isn’t about bigger models? 
What if it’s about smarter, more efficient models—models that don’t take up so much space, time, or resources? 

Small Language Models, or SLMs, are here to prove that "bigger isn’t always better." SLMs bring a fresh perspective 
to AI: they’re lightweight, efficient, and can run on everyday devices, keeping data private and response times fast. 
Imagine having a model that can work right on your phone or laptop without needing a huge server behind it. For 
many applications, from personalized recommendations to real-time assistance, SLMs may be all you need. 

The best part? SLMs offer a way to use AI without the massive costs or the privacy concerns that come with 
traditional large models. And because they’re easier to train and customize, they open the door for businesses and 
developers to create specialized, affordable AI solutions. 

So, could SLMs be the quiet game-changer AI needs? In this article, we’ll dive into what SLMs are, why they’re 
making waves, and how they might just redefine what we expect from artificial intelligence. 

 

Small Language Models (SLMs) are quickly gaining popularity in the AI world as powerful, efficient alternatives to 
the larger, resource-intensive models we're used to seeing. With a smaller set of parameters, SLMs are easier on 
resources, making them perfect for use in environments where computational power is limited or efficiency is key. 

Key advantages  

Key Advantages  Description 

Efficiency SLMs need less computational power, enabling faster processing and lower energy 
use, ideal for responsive applications. 

Cost-Effectiveness With fewer resource requirements, SLMs lower operational costs, making advanced AI 
more accessible. 

Edge Deployment SLMs can run on mobile devices and IoT, allowing offline functionality and improved 
data privacy by processing on the device. 

Task-Specific 
Performance 

When fine-tuned for particular tasks, SLMs can equal or exceed the performance of 
larger models in those areas. 
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Recent Developments in Small Language Models 

Recent Developments  Description 

Microsoft’s Phi-3 Models Microsoft’s Phi-3-small model is designed for high performance and 
efficiency on specialized tasks. 

Meta’s Llama 3 Meta’s 8-billion-parameter Llama 3 model performs comparably to larger 
models like GPT-4. 

Google’s Gemini Nano Integrated into Google’s latest Pixel phones, Gemini Nano highlights SLMs’ 
potential in mobile applications. 

 

 



The Best Small Language Model on the Market: Apple’s Personal LLM 

When it comes to leading Small Language Models, Apple’s Personal LLM is setting the standard by blending local 
efficiency with the depth of broader, cloud-based models.  

Unlike many traditional AI models, Apple’s Personal LLM is designed to run directly on users' devices, using a 
smaller, specialized dataset focused on personalized tasks.  

However, its standout feature is its selective connection to a larger LLM, like OpenAI’s, which allows it to draw on 
extensive, general knowledge when needed, without compromising privacy. 

 

Here’s how Apple’s Personal LLM achieves this balance: 

1. Localized Focus with Selective Learning: Apple’s Personal LLM operates mainly on-device, using a small, 
targeted dataset that’s tuned to individual user needs. This approach makes it highly efficient and fast, as it 
doesn’t rely on an external server for every query. At the same time, the model can selectively pull in 
knowledge from a larger LLM, allowing it to stay lightweight yet informed, all while keeping the primary 
processing local to maintain privacy and speed. 

2. Bidirectional Knowledge Exchange: Apple’s Personal LLM and its connected LLM have a two-way 
relationship: 

o From SLM to LLM: Apple’s model can send anonymized insights about user interactions, enabling 
the larger LLM to refine its understanding of specific preferences or user context. 

o From LLM to SLM: The larger LLM can feed back broad contextual knowledge and updates 
periodically, so Apple’s model stays relevant without having to store or process extensive data 
itself. 

3. Independence with Strategic Support: This model structure lets Apple’s Personal LLM retain its own 
dataset, curated specifically for each user’s preferences and tasks. It doesn’t need to mirror the vast 
dataset of a larger model but can selectively access that knowledge when it enhances performance. This 
keeps the SLM’s data compact and efficient. 

4. Ideal Use Cases: 

o Personalized Experiences: Apple’s SLM focuses on user-specific data and insights, allowing it to 
offer tailored recommendations, predictive text, and other personalized functions. 

o Enhanced Privacy: By keeping user data on-device, it minimizes the need for constant data sharing, 
which strengthens privacy protections. 

o Dynamic Adaptation: With periodic updates from the larger LLM, Apple’s Personal LLM can adapt to 
new trends and knowledge without full retraining, staying relevant over time. 

In Summary 

Apple’s Personal LLM is a leading example of how small models can leverage larger knowledge bases while 
remaining privacy-conscious and efficient. This hybrid setup allows it to offer powerful, adaptable features without 
the heavy resource demands of a traditional LLM, making it an ideal choice for users who prioritize both 
performance and privacy. 

 



The Size Difference: Small Language Models (SLMs) vs. Large Language Models (LLMs) 

One of the most noticeable differences between Small Language Models and Large Language Models is their size, 
typically measured in parameters. Parameters are like the “memory” of an AI model, representing the relationships 
it has learned between words, phrases, and concepts. More parameters mean a model can handle more complex 
tasks, but it also requires more computing power. 

1. Parameter Size Comparison 

• SLMs: 

o These models generally have between a few million and a few billion parameters. 

o Models designed for mobile devices, or those focusing on efficiency, tend to have 10–50 million 
parameters. 

o Task-specific SLMs can go up to 1–2 billion parameters, striking a balance between performance 
and efficiency. 

• LLMs: 

o Large Language Models, by comparison, usually have tens of billions to hundreds of billions of 
parameters. 

o For instance: 

▪ GPT-3 has 175 billion parameters. 

▪ Advanced models like GPT-4 or PaLM 2 can exceed hundreds of billions of parameters, with 
some of the largest models speculated to reach around 500 billion. 

 

2. Ratio of SLM to LLM Sizes 

SLMs are often 10 to 1000 times smaller than LLMs, which makes a big difference in how they’re used. Because of 
this size difference, SLMs are well-suited for deployment on devices with limited resources, like mobile phones, IoT 
devices, or edge servers, where high efficiency and low energy consumption are essential. However, this also 
means SLMs may not handle complex tasks as well as LLMs, which have the parameters to store more nuanced 
relationships between concepts. 

 

3. Examples of Small and Large Models 

Model Type Examples Parameter Count 

SLM (Small) Mobile/Edge SLMs ~10 million – 1 billion 
 

Task-Specific SLMs ~1 billion – 2 billion 

LLM (Large) GPT-3, Llama 2, etc. 70 billion – 175 billion 
 

GPT-4, PaLM 2 200 billion – 500 billion+ 

 

4. Why the Size Matters 



• SLMs: With fewer parameters, SLMs are faster and more cost-effective to run. They’re ideal for scenarios 
with constrained resources or when you need the model to work on smaller devices with limited processing 
power. 

• LLMs: Their larger parameter count allows them to store and understand complex relationships between 
language elements, making them capable of handling tasks that require deep contextual understanding 
across multiple domains. This ability makes them better suited for broad applications, where more 
nuanced language comprehension is required. 

In summary, while Large Language Models are powerful and versatile, Small Language Models are efficient and 
practical, opening up the possibility of using AI on a wider range of devices. By balancing size and functionality, 
SLMs offer a compact solution for specific, targeted applications without the resource demands of a full-scale 
LLM. 
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