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Introduction

Generative Al in 2025 isn’t a single race — it’s a crowded ecosystem of open-source engines, open-
weight community projects, and closed enterprise leaders.

In this article, we compare the most important open-source (and open-weight) LLMs like LLaMA,
Mistral, DBRX, Gemma, and BLOOM, alongside closed benchmarks such as OpenAl’s GPT and
Anthropic’s Claude.

But we didn’t limit the scope to language models alone. In some areas, like video generation and image
creation, we’ve gone deeper to include special dedicated open-source engines (e.g., Mochi, Open-
Sora, Stable Diffusion). These aren’t LLMs in the strict sense, but for organizations evaluating Al stacks,
they’re becoming just as critical.

Finally, this is not a one-off article. It’s part of a growing series where we’ll continue exploring the
ecosystem — from domain-specific LLMs (healthcare, law, finance, education, etc.) to new modalities
and enterprise applications.

The aim is to build a living evaluation framework that evolves alongside Al itself.



Executive Summary

This article brings together a curated list of the most important LLMs in 2025, focusing on open-source
(and open-weight) models as well as closed leaders (GPT, Claude) that set benchmarks. The goal is not
just to compare features, but to answer a bigger question:

What would the ultimate open-source model look like for individuals and organizations?

Why This List Matters

¢ Fragmented ecosystem > Dozens of models exist, but only a handful are widely adopted and
truly practical.

o Different strengths > Some excel in text reasoning, others in multimodality, and a few in domain
specializations.

¢ Real needs »> Organizations want to balance control, cost, and performance, while individuals
want accessibility and customization.

The “Ultimate” Open-Source Scenario

For individuals and especially companies, the ideal model would combine:
1. Open weights & transparent data (trust, compliance, auditing).
2. Deployment flexibility (on-prem for sensitive data, cloud for scale).
3. Efficient fine-tuning & RAG (customization without millions in compute).
4. Rich ecosystem & add-ons (plugins, APls, dashboards, agents).
5. Domain-specific extensions (healthcare, finance, law, etc.).

6. Multimodality (text, image, audio, video) for a unified Al assistant.

What Companies Can Do With It

¢ Knowledge Ownership > Run open models on-prem to keep customer and business data private.

e Customization > Fine-tune or extend the model for internal workflows (ERP, CRM, customer
service).

e« Cost Efficiency > Avoid high API costs by deploying optimized open models (Mistral, LLaMA,
Gemma).

¢ Domain Specialization > Train variants for industry-specific needs (e.g., MedGemma for
healthcare, FinGPT for finance).



¢ Innovation > Build new Al-driven products on top of a model that’s free from vendor lock-in.

Key Message:

This list shows that while no single “ultimate open-source LLM” exists yet, the ecosystem is converging.
Companies can already mix and match — using open models like Mistral or LLaMA for core operations,
BLOOM for multilingual tasks, and domain-specific variants for verticals. The result is a custom Al

stack tailored to their needs.



Section 1: Key Evaluation Factors for LLMs

To evaluate LLMs effectively, we organize the criteria into two categories: Core Capabilities and
Ecosystem & Practicality. This structure helps separate what a model js and can do from how it

performs and evolves in real-world use.

Category A: Core Capabilities

These factors define the fundamental design and adaptability of the LLM.

Factor

1. Modalities
Supported

What It Means

Whether the model handles text, images,
audio/voice, video, or multimodal input-
output.

Why It Matters

Helps match the model to business
needs—text-only vs full multimodal
assistants.

2. Deployment &
Cost

Options for on-premises, local GPU clusters,
private cloud, or public API. Includes license
terms and inference costs.

Enterprises must balance data
control with budget and
infrastructure.

3. “Open Source”
Definition

Whether the model truly provides source
code, training data, and weights—or just “open
weights” with restrictions.

Prevents confusion: many “open”
models are not fully open.

4. Training, Fine-
Tuning & RAG

How easy it is to adapt the model—through full
retraining, fine-tuning (LoRA, PEFT), or
connecting via Retrieval-Augmented
Generation.

Specialization cost and flexibility
depend on this factor.




Category B: Ecosystem & Practicality

These factors define the real-world usability, transparency, and extensions of the LLM.

Factor What It Means Why It Matters
5. Add-Ons & Plugins, agents, tool-use APIs, or enterprise Extends raw LLM power into
Extensions dashboards. production-ready solutions.
6. Dataset Whether training data sources are disclosed Affects trust, bias detection, and
Transparency (open datasets vs undisclosed). compliance.
7. Domain Specificity  Availability of domain-tuned variants (e.g., Saves time and resources when a
medical, legal, coding). specialized version already exists.
8. Performance & Benchmarks (reasoning, coding), context Determines usability beyond raw
Practicality window length, latency, and scale.
ecosystem/community support.




Section 2: Target LLMs for Evaluation

In 2025, a handful of models dominate the landscape—some truly open(ish), others closed but setting
benchmarks.

Below is a concise overview of the models we’ll evaluate:

Publisher / Owner

Short Description

1. LLaMA Meta (Facebook) The LLaMA family (3, 3.1, 4) are open-weight models, available in multiple sizes (8B, 70B,
(Meta) 400B). Known for strong text generation, with newer releases offering multimodal (text +
image) capabilities. Runs on-prem and widely used as a foundation for fine-tuned variants.
2. Mistral Mistral Al A fast-growing European startup offering models like Mistral Small 3.1, Mistral Medium 3,
and domain-specific Devstral. Noted for efficiency, high performance per dollar, and
open licensing (Apache 2.0 for some models). Strong adoption in enterprise and research.
3. DBRX Databricks An open-weight mixture-of-experts (MoE) model built for enterprises. Released under
(MosaicML) Databricks Open Model License. Focused on scalability, training cost efficiency, and tight
integration with enterprise data pipelines.
4. Gemma Google DeepMind Lightweight open models released by Google, designed for on-device and cloud
deployment. Includes base, instruction-tuned, and specialized versions (e.g.,
MedGemma for healthcare).
5. BLOOM BigScience / A collaborative research model trained on transparent, multilingual datasets (over 40
Hugging Face languages). One of the few fully open-source projects, including dataset details, model
code, and weights.
6. GPT OpenAl (Microsoft-  Proprietary flagship models (GPT-40, GPT-5). Multimodal (text, image, audio, video),
(OpenAl) backed) available only via API/cloud. Rich ecosystem with plugins, memory, and advanced
enterprise features.
7. Claude Anthropic Focused on safety, alignment, and long-context reasoning. Claude 3 and Claude
(Anthropi Sonnet 4 support very large context windows (up to 1M tokens). Proprietary, API-only,
c) designed for enterprise-grade trust and compliance.




Section 3: Evaluation Matrix of LLMs (2025)

Table A: Core Capabilities

Modalities
Supported

2. Deployment & Cost

3. “Open Source”
Definition

4. Training, Fine-
Tuning & RAG

(Anthropic)

1. LLaMA Text, some Image On-prem (weights downloadable); Source-available, not Fine-tuning supported
(Meta) (LLaMA 4) also via cloud. Free weights; infra OSl-approved; usage  (LoRA, adapters). RAG
costs apply. Claimed ~%2 cost of GPT-  restrictionsin license.  widely used.
4o.

2. Mistral Text; Small 3.1 adds On-prem & cloud. API pricing: ~$0.40 Open weights (Apache Strong fine-tuning and
Image input/ $2 output per 1M tokens. 2.0 for some); RAG support.
understanding. enterprise versions

more restricted.
3. DBRX Text only. On-prem via Databricks platform; Open weights under Instruction-tuned and
(Databricks) training cost ~$10M. Databricks Open fine-tuning supported;
Model License. RAG possible.
4. Gemma Text only; On-prem & cloud. Lightweight, edge- Open weights + code.  Fine-tuning supported;
(Google) MedGemma extends  ready. Free weights. adapters available.
to healthcare.
5. BLOOM Text, multilingual On-prem & cloud. Free but requires Fully open (weights, Fine-tuning supported;
(BigScience) (40+ languages). large compute. code, dataset under RAG possible.
RAIL license).
6. GPT Text, Image, Audio, Cloud-only API; premium pricing. Closed-source, no Limited fine-tuning; RAG
(OpenAl) Video (GPT-40/5). access to via embeddings + APIs.
data/weights.
7. Claude Text only. Cloud-only API; enterprise pricing. Closed-source. Limited fine-tuning;

partial RAG support.




Table B: Ecosystem & Practicality

5. Add-Ons &
Extensions

6. Dataset
Transparency

7. Domain

Specificity

8. Performance &
Practicality

(Anthropic)

assistants, trust features.

1. LLaMA (Meta) Integrated with Meta Partially disclosed Generic + Code GPT-4-class reasoning;
platforms (Instagram, (Common Crawl, GitHub, LLaMA for context ~128k. Strong
Ray-Ban, Quest). Rich Wikipedia + some programming. adoption.
community ecosystem. proprietary).

2. Mistral “Le Chat Enterprise” Dataset not fully Devstral for High efficiency per
(agents, APIs, disclosed. coding; others parameter; context up to
dashboards). generic. 128k. Strong in EU adoption.

3. DBRX Integrated tightly with Dataset not disclosed. Generic. Optimized for enterprise big

(Databricks) Databricks data/Al data workloads; scales well.
platform.

4. Gemma (Google) Integrated with Google Not fully disclosed. MedGemma Small, efficient, edge-
ecosystem. (healthcare); friendly.

otherwise generic.
5. BLOOM Hugging Face integration;  Fully transparent Generic Strong multilingual baseline;
(BigScience) no commercial add-ons.  datasets. multilingual. slower than newer LLMs.

6. GPT(OpenAl) Plugins, memory, agents, Undisclosed datasets. Generic; no official ~ State-of-the-art; context
APl integrations, domain-specific ~128k; expensive but
enterprise dashboards. models. powerful.

7. Claude Enterprise safety tools, Undisclosed datasets. Generic. Very strong in long-context

(up to 1M tokens); marketed
as safest LLM.




Factor 1: Modalities Supported

Not every LLM is built for the same job. Some are pure text engines, while others can handle images,
audio, and even video. Here’s how they compare:

o Best for Text Generation

o LLaMA (Meta) > Strong in text generation; used widely for chatbots, assistants, and
research.

o Mistral > Known for efficient text generation, especially in small/medium models.
o Claude (Anthropic) > Optimized for safe, reasoning-heavy text outputs.
e Best for Text + Image
o LLaMA4~> Added image understanding and multimodal capabilities alongside text.

o Mistral Small 3.1 > Lightweight but supports basic image inputs for document/image
understanding.

¢ Best for Full Multimodality (Text, Images, Audio, Video)

o OpenAl GPT (GPT-40/5) > Only one in this list that truly supports all four modalities
(reading images, generating images, listening/producing speech, and even handling video).

e Domain-Specific Modalities
o Gemma (Google) > Text only, with MedGemma targeting healthcare-specific text tasks.
o BLOOM (BigScience) - Text only, but excels in multilingual support (40+ languages).

o DBRX (Databricks) > Text only, optimized for structured/unstructured enterprise data.

Note on Video:

Currently, no evaluated LLM is video-only. Video handling appears only as part of multimodal
assistants (e.g., GPT-40/5).

Dedicated video models exist (e.g., Sora, Runway Gen-2, Pika Labs), but they are specialized
generators, not general-purpose LLMs.

Key Takeaway:

¢ Ifyou need full multimodal (text, image, audio, video) > GPT (OpenAl) is the only real choice
today.

¢ Ifyou need text + image at lower cost > LLaMA 4 or Mistral Small 3.1.

« Ifyou only need pure text (chat, coding, reasoning, or multilingual) > Claude, BLOOM, DBRX,
Gemma are excellent, depending on the domain.



Extension to Factor 1: Video-Dedicated Open-Source Models

While most Large Language Models (LLMs) focus on text or multimodal reasoning, video generation has
its own set of specialized open-source models.

These are not general-purpose LLMs, but dedicated video Al engines designed to handle text-to-video,
image-to-video, or video-to-video tasks.

As of 2025, several strong contendrs stand out:

Model Publisher License Key Features

1. Mochi1 Genmo Apache High-fidelity text-to-video, smooth motion, strong
2.0 prompt adherence.

2. HunyuanVideo Tencent Open- Foundation model for video; long-duration, high-res,
source accurate motion.

3. Wan 2.1 Alibaba Open- Full suite (text-to-video, editing, personal video
source generation); enterprise-ready.

4. Open-Sora HPC-AIl Tech Open- Full pipeline (text-to-video, image-to-video, infinite-
source length); includes training code + checkpoints.

5. Waver Research Open- Unified image + video generator; excels in temporal

community (2025) source consistency and realistic motion.

¢ Mochi 1 (Genmo)

e License: Apache 2.0 (open-source).
e Capabilities: Text-to-video with high motion fidelity and strong prompt following.

¢ Noted for cinematic quality and fluid scene transitions.

¢ HunyuanVideo (Tencent)

¢ Open-source foundation video model.
¢ Outperforms many commercial systems in motion accuracy and detail.

e Supports long-duration and high-resolution video generation.

¢ Wan 2.1 (Alibaba)

e A comprehensive suite: text-to-video, personalized video generation, and editing.
e Released openly, with strong enterprise applicability.

¢ Benchmarked as superior to both open and closed alternatives in several tasks.



¢ Open-Sora
e Full open-source pipeline for text-to-video, image-to-video, and infinite-length video.

e Includes both training code + checkpoints, enabling replication or fine-tuning on modest GPU
clusters.

e Known for flexibility (supports research and production).

¢ Waver (2025 release)
o Described as a “unified image + video generator.”
¢ Handles text-to-image, text-to-video, and video-to-video.

¢ Excels in temporal consistency and realistic motion, ranking high on 2025 leaderboards.

Key Takeaway:

¢ Ifyou need LLMs with integrated video capability > GPT-40/5 remains the only real option among
the mainstream models.

e Ifyou need dedicated open-source video generation > models like Mochi 1, HunyuanVideo,
Wan 2.1, Open-Sora, and Waver are the leaders.

e Thesevideo engines don’t replace LLM reasoning, but they complement LLMs in multimodal
pipelines (e.g., combining LLaMA or Mistral for language reasoning with Open-Sora for video
output).



Extension to Factor 1: Image-Dedicated Open-Source Models

While multimodal LLMs can generate images (like OpenAl GPT-40), there are also dedicated open-
source engines built only for images. These don’t function as LLMs, but they dominate the creative Al

ecosystem and are widely adopted.

Table: Leading Open-Source Image-Only Engines

Model Publisher License Key Features
1. Stable Diffusion (SD  Stability Al + CreativeML/ Most popular; text-to-image, inpainting,
1.5/SDXL/SD 3) community OpenRAIL outpainting, huge ecosystem.
2. DeepFloyd IF Stability Al Research Cascaded diffusion model, strong
License photorealism, handles text rendering well.
3. Kandinsky Sber Al Open-source Multilingual text-to-image; creative/artistic
style generation; supports image-to-image.
4. Fooocus (SD-based) Community Open-source Simplified, user-friendly pipeline built on
project Stable Diffusion; rapid generation.
5. Openlourney (SD Community RAIL License Specialized for artistic/illustrative styles;
fine-tune) (PromptHero) tuned for aesthetic outputs.
6. PixArt (PixArt-a/ Academic Open-source  Transformer-based image models; higher
PixArt-Z) collaborations fidelity and resolution, competing with
proprietary leaders.
Quick Briefs

Stable Diffusion (SD)

The workhorse of open-source image generation. Versions range from SD 1.5 to SDXL to SD 3,
each improving resolution, realism, and controllability. Massive ecosystem of fine-tunes, control
tools, and plugins.

DeepFloyd IF
A cascaded diffusion system that delivers higher photorealism and can even render legible text
within images, a weakness of most diffusion models.

Kandinsky
Open-source by Sber Al, with multilingual text prompts and artistic stylization capabilities.
Popular in creative and design use cases.

Fooocus
A community-led project that simplifies Stable Diffusion pipelines, making it easier and faster
to generate without complex setups.




e Openlourney
Fine-tuned from Stable Diffusion, optimized for artistic and stylized outputs. Known for
illustration, fantasy art, and creative works.

e PixArt
Academic open-source models (PixArt-a, PixArt-Z) that push towards higher fidelity and larger
resolution, narrowing the gap with MidJourney and DALL-E 3.

Key Takeaway:

Unlike video (where open-source models are still catching up), the image-only open-source ecosystem

is already strong and mature.

Stable Diffusion and its derivatives dominate the landscape, while newer models like PixArt are pushing
the boundaries of realism and resolution.



Factor 2: Deployment & Cost

Deployment flexibility and cost are two of the most practical concerns when choosing an LLM. Some
models are on-prem friendly (weights you can download and run locally), while others are cloud-only

APls with pay-per-use pricing.

¢ On-Prem/ Local Deployment

LLaMA (Meta) » Open weights available; can be run locally on GPUs or servers. Enterprises like it
for data control.

Mistral > Also open weights (Apache 2.0 for some releases). Runs well on single or multi-GPU
setups.

Gemma (Google) > Lightweight, designed for edge/on-device deployment as well as cloud.
BLOOM - Fully open and deployable locally, but large compute required for training/inference.

DBRX (Databricks) > Deployable in enterprise cloud or on-prem Databricks stack; designed for
integration with data pipelines.

¢ Cloud-Only

GPT (OpenAl) > Available only via APl or Azure/OpenAl cloud. No local deployment. Pricing is
premium, but includes full multimodality.

Claude (Anthropic) > APIl-only, deployed via Anthropic/partner clouds. Enterprise contracts
needed for high-volume use.

¢ Cost Considerations

Lowest Cost Options > LLaMA, Mistral, Gemma (since weights are free; cost = your own
hardware).

Mid-tier » DBRX (open weights, but enterprise licensing and integration costs apply).

Highest Cost > GPT and Claude (API-only, metered usage, premium enterprise features).

Key Takeaway:

If you need data control and on-prem deployment > LLaMA, Mistral, Gemma, BLOOM are the
best fits.

If you’re okay with APl-only services and higher costs for convenience and power > GPT
(OpenAl) and Claude (Anthropic) are your options.



e DBRXsits in the middle, optimized for enterprise hybrid deployments.



Factor 3: “Open Source” Definition

Not all “open” models are truly open in the traditional sense. In the LLM world, “open source” can mean:

Fully open > code, weights, AND training data are available.

Open weights > you get the model weights but not the training data (and often under restrictive
licenses).

Closed » model only accessible via API, no weights or data disclosed.

Here’s how our target models fit:

¢ Fully Open (rare)

BLOOM (BigScience) > The only fully transparent project in this list. Provides code, weights,
AND dataset details (trained on 1.6 TB of multilingual data). Released under the RAIL license.

¢ Open Weights (source-available, partially open)

LLaMA (Meta) > Weights are downloadable, but the license is not OSl-approved. Restrictions
apply (e.g., no military use, commercial limits in some cases). Training data partially disclosed.

Mistral » Some models (Small, Medium) are under Apache 2.0 (true open weights). Others may
have more restricted enterprise licensing.

DBRX (Databricks) > Released under the Databricks Open Model License. Weights are
available, but dataset transparency is limited.

Gemma (Google) > Weights are openly available; aimed at research and enterprise. Training data
not fully disclosed.

¢ Closed Source

GPT (OpenAl) > Closed. Only accessible via APIl. No weights or training data disclosed.

Claude (Anthropic) > Closed. APIl-only access. Focus is on safety/alignment, but no public
weights or datasets.

¢ Key Takeaway:

Most transparent (true open source) > BLOOM.

Most practical open weights (enterprise-friendly) > Mistral, LLaMA, Gemma, DBRX.



e Strictly closed > GPT (OpenAl), Claude (Anthropic).



Factor 4: Training, Fine-Tuning & RAG

One of the most important differences between LLMs is how easy they are to adapt. Not every model
lets you retrain from scratch, fine-tune cheaply, or connect external knowledge via RAG (Retrieval-
Augmented Generation).

¢ Strongin Fine-Tuning & Adapters

e LLaMA (Meta)»> Huge ecosystem of fine-tunes. Supports LoRA (Low-Rank Adaptation) and PEFT
techniques for cost-effective training.

e Mistral » Actively supports fine-tuning; many instruction-tuned versions already available. Works
well with adapter-based methods.

¢ Gemma (Google) > Designed to be lightweight, making fine-tuning on smaller GPUs feasible.
Adapters widely used.

¢ Enterprise Fine-Tuning

e DBRX (Databricks) > Instruction-tuned model with infrastructure for enterprise-scale fine-
tuning. Tight integration with Databricks pipelines makes it enterprise-ready, but training costs are
high (~$10M for pretraining).

¢ RAG-Friendly Models

e LLaMA, Mistral, BLOOM, Gemma, DBRX > All widely used in RAG pipelines (through vector
databases + embeddings). Popular in enterprise open-source stacks.

e GPT (OpenAl) » Supports RAG only via embedding APIs + external vector DBs. No native RAG,
but ecosystem tools (LangChain, Azure Cognitive Search) make integration easy.

e Claude (Anthropic) > Partial RAG support; works via embeddings but with fewer ecosystem
integrations compared to OpenAl.

¢ Limited Adaptation

e GPT (OpenAl) > Fine-tuning possible, but restricted and costly (limited to smaller GPT-3.5 and
GPT-4 variants, not full access).

e Claude (Anthropic) > Very limited fine-tuning. Focuses more on safe general reasoning than
custom adaptation.



Key Takeaway:

« Best for fine-tuning flexibility > LLaMA, Mistral, Gemma (cheap and lightweight adaptation).
o Bestfor enterprise-scale training > DBRX (though costly).
e Bestfor RAG pipelines > Open-weight models (LLaMA, Mistral, Gemma, DBRX, BLOOM).

e Least adaptable > GPT and Claude (API-restricted, fine-tuning limited).



Factor 5: Add-Ons & Extensions

Beyond raw model capabilities, extensions and add-ons determine how easily an LLM can be integrated
into real-world workflows. These can include plugins, agent frameworks, tool-use APIs, dashboards,
or ecosystem apps.

¢ Richest Ecosystem (Closed Models)
e GPT(OpenAl)~>
o Plugins (search, code interpreter, APIs).
o Memory and custom GPTs.
o Enterprise dashboards (via Azure & OpenAl Enterprise).
o Strongest overall add-on ecosystem with third-party integrations.
e Claude (Anthropic) ~>
o Focused on enterprise assistant tools.
o Safety layers, compliance features.

o Long-context support (1M tokens) acts as a “natural extension” for enterprises dealing with
huge documents.

¢ Open-Source Leaders
e LLaMA (Meta)~
o Integrated with Meta products (Ray-Ban glasses, Quest VR, Instagram Al).
o Community-built add-ons through Hugging Face & GitHub.
e Mistral~>
o Le Chat Enterprise > dashboard for agents, APls, and tool use.
o Strong ecosystem building around LangChain, Llamalndex, Hugging Face.
e DBRX (Databricks) >
o Deep integration with Databricks data pipelines.
o Add-ons focused on enterprise analytics and Al integration, not consumer plugins.
e Gemma (Google)~>

o Designed to fit Google ecosystem (Vertex Al, Google Cloud, Colab).



o Early integrations with Al agents and healthcare (MedGemma).
e BLOOM-
o Hugging Face as the main hub.

o No official commercial add-ons, but strong community ecosystem (fine-tunes, datasets,
adapters).

Key Takeaway:

e Most advanced add-ons (plugins, enterprise tools) > GPT (OpenAl).
e Strong enterprise agent/dashboard tools > Mistral (Le Chat), Claude (safety/long-context).
¢ Best community-driven add-ons > LLaMA and BLOOM.

e Most vertical-specific integrations > Gemma (healthcare/Google Cloud), DBRX (enterprise data
pipelines).



Factor 6: Dataset Transparency

The openness of training data is one of the biggest differences between LLMs. Knowing what data the
model was trained on helps assess bias, trustworthiness, legality, and compliance.

¢ Most Transparent
e BLOOM (BigScience) >
o Provides full dataset details.
o Trained on 1.6 TB of multilingual text (Common Crawl, Wikipedia, books, code, etc.).

o One of the only models where you know exactly what went into training.

¢ Partially Transparent
e LLaMA (Meta)-~

o Some training sources disclosed (Common Crawl, GitHub, Wikipedia, public domain
books).

o Laterversions (LLaMA 3/4) include undisclosed proprietary Meta-curated datasets.
e Mistral~>

o General mention of “large-scale web data” and curated datasets.

o No full disclosure, but acknowledged diversity of sources.
¢ Gemma (Google)~>

o Aimed at responsible Al, but no complete dataset list shared.
o DBRX (Databricks) >

o Built with enterprise data in mind, but datasets not disclosed publicly.

¢ Least Transparent (Closed)
e GPT (OpenAl)~>
o No dataset disclosure.
o Uses“licensed + publicly available + proprietary data” but without specifics.
¢ Claude (Anthropic) >

o No dataset disclosure.



o Focusis on safety/alignment, but sources remain undisclosed.

Key Takeaway:

¢ Most transparent > BLOOM, unique in providing both weights + dataset openly.
e Partially transparent » LLaMA, Mistral, Gemma, DBRX.

e Least transparent > GPT (OpenAl) and Claude (Anthropic), where data sources are not shared at
all.



Factor 7: Domain Specificity

While most LLMs are general-purpose, some have domain-focused variants that target specialized
tasks like coding, healthcare, or multilingual use. These models save time and resources when a ready-
made specialized version already exists.

¢ Coding-Focused

e Code LLaMA (Meta) > Specialized for programming tasks (multiple languages, code generation,
debugging).

e Mistral Devstral » Optimized for developers; strong in code completion, debugging, and
reasoning.

¢ Healthcare-Focused

¢ MedGemma (Google) > A variant of Gemma designed specifically for medical and healthcare-
related text tasks.

¢ Multilingual & Research

e BLOOM (BigScience) > Trained natively on 40+ languages, making it strong for multilingual and
research use cases.

¢ General Purpose Only

o DBRX (Databricks) > Generic text model, optimized for enterprise workflows but not tied to any
specific domain.

e GPT (OpenAl) > No official domain-specific versions; relies on fine-tuning or RAG for
specialization.

e Claude (Anthropic) > Same as GPT, no dedicated domain models, but performs well in reasoning-
heavy tasks across domains.

Key Takeaway:

e Bestforcoding > Code LLaMA and Mistral Devstral.
e« Bestfor healthcare > MedGemma.

¢ Best for multilingual tasks > BLOOM.



« Bestfor generic enterprise/assistant roles > GPT, Claude, DBRX.



Extension to Factor 7: Domain-Specific LLM Landscape

Most LLMs are general-purpose, but a growing number of domain-specialized LLMs are being
developed. In this article, we’ll just list the main domains and whether dedicated models exist. A follow-
up article will dive deeper into each category.

Table: Domains & Domain-Specific LLMs (Quick Overview)

Domain-Specific LLMs? Examples (Quick Names)

1) Healthcare / Biomedicine Yes MedGemma, BioMedLM (PubMedGPT), PMC-
LLaMA, ClinicalCamel, GatorTron

2) Law/ Legal Yes LawGPT, LegalBERT, CaseLaw-BLOOM,
CourtLLM

3) Finance / Banking Yes FinGPT, BloombergGPT

4) Marketing / Advertising X Not yet (only fine- —

tunes)

5) Education/ Research Yes EdulLLM, Phi-Ed

6) Coding / Software Yes Code LLaMA, Mistral Devstral, StarCoder,
PolyCoder

7) Multilingual / Translation Yes BLOOM, NLLB (Meta’s No Language Left
Behind)

8) Science/Chemistry/ Yes Galactica (Meta, retracted), ChemBERTa,

Biology MolFormer

9) Math / Reasoning Yes MathGPT, Minerva (Google)

10) EHR / Clinical Records Yes GatorTron, MedPalLM (restricted)

11) Open Government / Policy i, Very limited Some fine-tuned civic chatbots; not
standardized.

12) Retail / E-Commerce X Notyet —

13) Customer Service / CX Partially Domain-tuned versions of LLaMA/Mistral
used, but no named LLM yet.




Extension Note for Readers:

This is a high-level map of domains with (or without) specialized LLMs. Many are still experimental or
research-only. In a separate article, we’ll explore each domain in detail — how these LLMs are trained,

what datasets they use, and their adoption in enterprise.



Factor 8: Performance & Practicality

Performance isn’t just about parameter count. It’s about context length, reasoning ability, inference

speed, efficiency, and ecosystem maturity. This is often where enterprises make their final decision.

¢ State-of-the-Art Leaders

GPT (OpenAl) > Consistently top benchmark performer. GPT-40/5 offers very strong reasoning,
coding, and multimodal abilities. Context window up to 128k tokens. Expensive but unmatched in
capability.

Claude (Anthropic) > Marketed as the safest, reasoning-first LLM. Extremely strong at long-
context understanding (up to 1M tokens), ideal for enterprises with large documents.

¢ High Efficiency (Open Models)

Mistral » Known for punching above its weight. Smaller parameter sizes but excellent efficiency
and speed. Context windows up to 128k tokens.

LLaMA (Meta) > Strong benchmark scores, scalable from small (8B) to huge (400B) models.
Competitive with GPT-4-class reasoning in its larger versions.

¢ Domain & Enterprise Practicality

DBRX (Databricks) > Designed for enterprise-scale integration. Strong performance on
structured/unstructured data tasks.

Gemma (Google) > Lightweight and efficient; practical for edge and on-device use.

BLOOM - Slower compared to newer LLMs, but still relevant for multilingual use cases and
research transparency.

Key Takeaway:

Best overall performance > GPT (OpenAl) and Claude (Anthropic).
Best efficiency + cost balance > Mistral.

Best long-context reasoning > Claude (1M tokens).

Best lightweight / edge use > Gemma.

Best multilingual research > BLOOM.
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